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Abstract

We exploit judge retirements from the Social Security Disability Insurance judicial
corps to document how remaining judges respond to workplace disruptions. When a
peer judge retires, the remaining judges see a 5 percent increase in dispositions and
decisions that lasts 6 months. Institutional features of the disability appeal process
allow us to estimate what happens to judge decisions when caseloads increase, holding
the composition of cases fixed. Increased caseloads are accompanied by a 1 percent de-
crease in the judges’ share of favorable decisions, suggesting 16,600 claimants in-sample
were not awarded disability insurance who would have been, absent the workplace dis-
ruption.
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1 Introduction

Do judges’ decisions change following a disruption in the work environment? Does workload

affect judge decision-making? Researchers have explored how individual and judge char-

acteristics affect eventual case rulings, but changes in the judge’s work setting might also

impact their decisions. As such, two otherwise identical individuals could receive different

rulings from the same judge.

The impact of judge caseloads is of particular interest, as it highlights the role resource

constraints might play in judge decisions. Judges facing high caseloads might approach cases

differently, leading to inconsistent judgements. The potential impact of heavy caseloads on

judge behavior is not a new concept (Nardulli, 1979; Robel, 1990). However, as Yang (2016)

shows, increased judge caseloads in the criminal justice system induce prosecutors to change

the number and composition of cases brought before judges, making it difficult to identify the

impact of judge caseloads on judge decisions. By examining Social Security Administration

Disability Insurance (SSDI) appeals, where cases are quasi-randomly assigned to judges and

typically in queue over one year in advance, we are able to isolate changes in judge decision-

making when caseloads increase but the composition of cases does not change. In this setting,

we can test if judges facing heavier workloads become more strict or lenient.

Using publicly available administrative Social Security Administration (SSA) data on

monthly Administrative Law Judge (ALJ) cases and decisions from 2011 to 2019 in an event

study framework, we examine how peer judge retirements affect caseloads and allowance rates

(share of decisions favorable) in SSDI appeal cases of remaining judges in the same office.

When a fellow judge retires, cases are reallocated across the remaining judges leading to a

sharp, 5 percent increase in judge-level decisions that remains elevated for 6 months. Given

this increased caseload and pressure to keep applicant wait times short, we explore impacts

on judges’ allowance rates. After the retirement, within-judge allowance rates fall by one

percent, suggesting the workplace disruption impacted case outcomes. These estimates are
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robust to various controls and alternative approaches that address twoway fixed effect event

study concerns (Goodman-Bacon, 2021; Sun and Abraham, 2020). Judges that experienced

the largest increase in dispositions after the peer judge retirement also exhibit the largest

reduction in allowance rates, consistent with increased caseloads affecting judge decisions.

Female judges and less-experienced judges saw the largest caseload increase and exhibit

larger declines in allowance rates, providing further suggestive evidence that judge decisions

respond to workload changes. Alternative mechanisms, such as retiring judge peer effects,

are less supported in the data.

Workplace changes that increase workload and reduce allowance rates have important

implications for the scope of the disability insurance program. Back of the envelope cal-

culations suggest a one percent average reduction in ALJ allowance rates from in-sample

retirements led to 16,600 claimants not receiving as much as $246 million in annual benefits

when they would have been deemed eligible under different judge workplace circumstances.

Given the absorbing nature of disability insurance, this has long-run consequences for both

individuals and the program. These patterns suggest that caseload increases affect judge-

ments and that policies that mitigate office-level disruptions would result in more consistent

rulings.

2 Work Environment, Workload, and Judge Decision

Existing work shows that claimant characteristics and judges’ own characteristics affect court

decisions.1 A growing literature suggests that judges’ rulings are also influenced by time-

varying environmental factors such as temperature, upsetting sports loses, media coverage,

or judge peer composition (Danziger et al., 2011; Eren and Mocan, 2018, 2020; Heyes and

Saberian, 2019; Lim et al., 2015). As such, two individuals with similar characteristics could

1For example, Alesina and Ferrara (2014); Mustard (2001); Park (2017) and Rehavi and Starr (2014)
document the role of defendant characteristics, while Depew et al. (2017) and Boyd et al. (2010) document
the role of judge characteristics. Lim et al. (2016) find little evidence that judges’ gender, ethnicity or
political affiliation affect case outcomes.
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receive different rulings from the same judge, because of the work environment. Unlike some

of the previous examples, we are interested in understanding how policy-relevant features,

such as judge workload and workforce dynamics, influence judge behavior, which could ulti-

mately affect applicants’ well-being and outcomes. From a policy perspective, understanding

how factors like workload affect applicant outcomes can shed light on the importance of pro-

gram structure, financing, and management.

Work across criminology, law, and economics find in other judge settings that caseloads

affect case outcomes, the number of cases heard, and the likelihood of overruling appeals

(Beenstock and Haitovksy, 2004; Engel and Weinshall, 2020; Huang, 2011; Iverson, 2018;

Ulmer and Johnson, 2004). However, in many judicial settings, it is not possible to isolate

the impact of caseloads on judge decisions because the number and composition of cases

might endogenously respond. As Yang (2016) documents in the criminal justice system,

heavy judge caseloads due to judge vacancies induce prosecutorial changes in the number

and types of cases brought before judges. As such, any observed change in judge decision

could reflect changes in the composition of cases in addition to judge responses to workload.

Isolating the impact of workload on judge decisions is not possible if the composition of cases

changes. We present the first work we are aware of that explores the impact of caseloads on

judge decisions in a setting where the composition of cases is predetermined, and the only

work that documents how work environment factors affect the SSA judicial corps, a body of

approximately 1,500 judges making over 500,000 decisions a year.

SSA is consistently trying to reduce hearing backlogs and wait times. A judge retire-

ment here might be particularly disruptive as it increases remaining judges’ pending cases,

potentially intensifying pressure to reduce the backlog. This added burden and stress could

lead judges to make more errors and reject cases they would have otherwise allowed or allow

cases they would have rejected. In other settings, negative environmental conditions lead

judges to be more harsh, punitive, and less favorable to the defendant (Danziger et al., 2011;

Eren and Mocan, 2018; Heyes and Saberian, 2019). However, judges could also become more
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lenient, by avoiding time-consuming denials that risk appeal from a higher level. Any net

effect on allowance rates is an empirical question.

3 Social Security Disability Application and Appeal Process

SSA administers disability insurance (SSDI) and supplemental security insurance (SSI) to

insure against the risk of becoming unable to work due to disability. SSDI is for workers

with a sufficient work history and evidence of a permanent disability that inhibits them

from participating in substantial gainful activity. SSI does not have the same work history

requirement and is available to the elderly, blind, and low-income, low-asset disabled. About

2.5 million workers apply for SSDI, SSI, or both each year. Applications are submitted to

local field offices, which verify non-medical requirements (e.g., work history, income limits),

then send the application to a state-run Disability Determination Services (DDS) agency

that evaluates medical criteria to either allow or deny the applicant. If a denied applicant

appeals the decision, it goes to Reconsideration, where the review process is repeated by

new field office and DDS examiners. Individuals denied at Reconsideration can appeal to

present their case and any new evidence before an Administrative Law Judge (ALJ). In 2010,

19 percent of all applicants sought an appeal hearing and nearly one-third of all disability

awardees were approved through the hearing process (Social Security Administration, 2019).2

A hearing request is assigned to one of 166 hearing offices based on the applicant’s zip

code of residence. Within a hearing office, cases are quasi-randomly assigned to one of the

ALJs on a rotational basis, with the earliest request being sent to the judge that most

recently completed a case.3 ALJs do not specialize in particular types of cases. If an ALJ

retires, their pending cases are reassigned to the remaining judges so that cases are heard

in a timely manner. If the ALJ denies the claim, the individual can appeal to the Social

2Approximately 51 percent of applicants that reach DDS review simultaneously apply for SSDI and SSI.
Joint applicants are less likely to be allowed at all stages.

3There are a few exceptions to the rotational assignment. Critical cases (e.g., Terminal Illness and
Veteran cases) and Court Remand Cases sent back from the Appeal Council are prioritized in the queue.
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Security’s Appeal Council, who will either deny, approve, or send the case back to an ALJ.

Across hearing offices and over time there are between 3 and 20 ALJs per office, with an

average of 11 in our sample (see Figure A1 for the distribution of the number of judges at

each retirement event). Between 2010 and 2019 there were approximately 1,505 judges at

any point in time, averaging 38.3 dispositions and 31.2 decisions a month, with a favorable

decision 56 percent of the time (Table 1).

A large literature shows that SSDI receipt reduces applicant labor supply (Autor and

Duggan, 2003; Autor et al., 2016; French and Song, 2014; Gelber et al., 2017; Maestas et al.,

2013; Moore, 2014), but also reduces mortality (Gelber et al., 2018) and financial distress

(Deshpande et al., 2020). Work exploring ALJs in the SSA is limited to research exploiting

judge fixed effects to estimate causal effects of SSDI receipt (French and Song, 2014) or

exploiting regional variation in appeal wait times (Kearney et al., 2021).4

Similar to other judges’ caseloads, SSA expects full-year judges to complete 500 disposi-

tions a year, but no more than 700.5 During our analysis period, 54 percent of judges made

over 500 dispositions while 14 percent made over 600, with rare cases when judges made over

1,000 dispositions in a year. The SSA appeal case backlong in long. System-wide pending

cases increased from 700,000 in 2010 to over 1.1 million in 2016 before dropping off.6 This

backlog leads to long appeal wait times of 14 months on average.

4 Data

Our data consist of monthly reports for each judge/hearing office combination which we

scraped from the administrative SSA ALJ Disposition Data records.7 We observe each

4At 2018 NBER Summer Institute, Nicole Maestas noted preliminary work on ALJ training, but this is
not released.

5For example, appeal judges hear approximately 270 cases a year, while immigration judges hear ap-
proximately 895 (https://www.justice.gov/eoir/file/1198896/download).

6Pending cases dropped due to a drop in applications and appeals after the Great Recession as well as
ALJ reforms aimed at reducing wait times.

7Some judges split time between multiple hearing offices so they may have multiple observations for the
same month.
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judge’s name and hearing office as well as the number of dispositions, decisions, allowances,

denials, and partially- or fully-favorable allowances made during the month. Dispositions

capture all cases the judge hears, including dismissals on technical grounds or remands from

higher courts.8 Decisions only include cases where a final determination is made. Measures

are reported cumulatively through the administrative year (starting in October), which we

use to back-out monthly cases. Our data covers all judges that appear in the data between

September 2010 (the first month ALJ disposition records were provided) and July 2019.

From these data we construct the monthly Hearing Office judge roster and identify retiring

judges. We define a retirement as the month a judge leaves a hearing office and does not

reappear in the data at any hearing office. Individuals that move to a different hearing office

or experience an extended leave before reappearing in the disposition data are not counted

as retirements. We do not exploit these office-to-office moves because the timing is more

likely to be correlated with case characteristics that could impact peer judges’ caseloads and

decisions.9 We exclude retirement events before April 2011 and after August 2018 (to insure

adequate pre- and post-observation) as well as retirements at national hearing centers, which

lack a geographic catchment but service cases from hearing offices around the country. We

are left with 753 retirement events across 158 different hearing offices. These retirements

are fairly uniformly distributed over time (Figure A1). retiring judges’ allowance rates are

nearly identical to the those of all other judges during the same time period (Table 1).

ALJs that are dismissed by SSA or reprimanded and then leave would also be captured in

these retirements. This is potentially problematic if judge dismissal is due to workplace con-

duct that influences peer judges’ caseloads or decisions. By law, SSA cannot take disciplinary

action that would infringe on a judge’s ability to make independent decisions, and can only

suspend or remove a judge after the Merit Systems Protection Board (MSPB) determines

8Dismissal at the ALJ level is due to technical reasons (e.g., failure to file appropriate documents or
attend hearings) not the claimant’s case merit. From 2007 to 2015, 13-18 percent of dispositions were
dismissal (Government Accountability Office, 2017).

9For example, SSA might move a judge from one hearing office to another if the number of appeals is
falling or rising, which might be accompanied by a change in case composition.
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there is “good cause” (Office of the Inspector General, 2014). A judge’s case decisions alone

do not qualify as “good cause” (Office of the Inspector General, 2012). However, SSA can

engage in targeted training if a judge’s allowance rate is inconsistent with other judges in the

office. In 2010 and 2011, SSA undertook a comprehensive review of ALJ decisions to stan-

dardize judge procedure, including training for judges with anomalous allowance rates for

their hearing office. Disciplinary action against ALJs for any reason that result in retirement

or removal is uncommon. Between 2007 and 2016, there were 98 reprimands,10 34 proposed

suspensions, and 16 proposed removals (Government Accountability Office, 2017). Eight of

these judges were removed by the MSPB, 6 retired before the MSPB issued a decision, and

2 retired after a settlement. We collect all SSA case reports from the MSPB from 2010

to present and identify ALJs that had a case brought before the MSPB during our sample

window. Results are similar if we exclude these judges.

The only individual information we observe about each judge is their name. We link

each judge’s first name to the SSA’s record of the genderedness of names to probabilistically

determine judge gender. Using the judge’s work history, we also identify judges that are new

to the SSA judicial corps (appear in the data less than one year before the focal retirement

event). One major drawback of the data is the aggregate nature. Because we do not observe

case-level measures, we cannot test whether case characteristics change after the retirement

event or explore which types of cases judges might treat differently. As such, we must rely on

the institutional quasi-randomization and can only provide limited evidence of the welfare

effects of these retirement events.

We structure the data to match the event study framework. First, we identify the last

month a judge appears in the SSA judicial corps and flag this as a retirement event at the

hearing office-level. We then construct a panel with 6 months prior to the retirement, the

month of the retirement, and 9 months after the retirement for each judge in the retiree’s

hearing office. We limit the panel to this size to avoid overlap between retirements in the

10A formal written warning that stays on the judge’s record for one year.
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same hearing office.11 Only judges present the entire panel are included. We then stack

the panels for each judge to construct our analysis sample. Judges present for multiple

retirements will have multiple stacked balanced panels. There are 5,634 judges with full

balanced panels, leading to a sample of 90,144 judge-by-month observations.

5 Empirical Strategy

As noted above, appeals are quasi-randomly assigned to ALJs, ALJs do not specialize in

particular types of cases,12 and the enormous backlog in appeal cases means cases take 14

months on average to process. As such, the number of cases an ALJ hears might change after

a workplace disruption, like a peer retirement, but the composition of cases should remain

the same. We can explore the impact of judge vacancies and caseloads on judge decisions,

which typically cannot be separately identified since the composition of cases changes (Yang,

2016).

We estimate the impact of the retirement on cases and allowance rates (share of favorable

decisions) using the stacked, balanced panel as follows

Yjot =
9∑

τ=−5

βτ (τ months from retirement)ot + δj + φo + γyr + ψmo + εjot (1)

Our main outcomes of interest are the monthly dispositions, decisions, awards, and allowance

rate for judge j in hearing office o in the year-month period t. The allowance rate is the

number of awards divided by the total number of decisions.13 We examine both levels and

natural log specifications. Our preferred specification is the natural log transformation as

there is substantial variation across judges in monthly dispositions, decisions, and allowance

11There are still some overlapping panels as multiple retirements might occur within a few months. The
results are similar if we eliminate the overlap by excluding retirement events within 9 months of each other
(Table A1).

12Because we only have aggregate judge-level data we cannot test this directly.
13We focus on allowance to decision rates throughout to match SSA definitions, but also to avoid potential

compositional changes that could arise if appeals are pre-screened and dismissed for administrative error prior
to being passed from the retiree to the peer judge.
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rates and this allows us to estimate percent changes in outcomes.14 We include judge fixed

effects to control for time-invariant judge characteristics. Hearing office fixed effects make

this a within office comparison over time, and calendar year and month fixed effects control

for potential secular and seasonal trends in outcomes. Our coefficients of interest are the βτ ,

which trace out a judge’s monthly outcomes six months prior to the peer judge’s retirement

and nine months after. The first month in the event panel (six months prior to the retirement)

is treated as the omitted group, so all monthly effects are relative to that month. The pattern

is similar if the month prior to the retirement is omitted (Figure A3). This framework

allows us to explore pre-period trends as well as treatment effect dynamics for nine months.

Standard errors are corrected for clustering at the hearing office-level. To avoid sample

composition changes, we only include judges who appear in the hearing office for all 16

months of the panel. Judges that join the hearing office during the panel to replace the

retiree are not included.15

As seen in Table 1, judges in the event study panel have similar disposition counts,

decision counts, allowance rates, and gender composition prior to the retirement event as the

full sample. After the retirement, these judges have slightly higher dispositions and decisions,

and allowance rates that are one percentage point lower. In the six months leading up to

retirement, retiring judges are also similar to the full sample of judge/month observations

and to the event study panel of judges, suggesting they are not uniquely selected. They

have similar allowance rates, but they do have about 6 fewer dispositions a month, 4 fewer

decisions a month, and are less likely to be women.

Only event panels for judges around a retirement event are included, so unlike a difference-

in-differences event study there is no “control” group of judges or hearing offices that do not

experience a retirement. The identifying assumption is that after accounting for judge-

14In the balanced panel there are 689 judge-month observations where judges have zero dispositions, even
though they are still assigned to the hearing office. This is why the natural log outcome samples are slightly
smaller. Results are similar if we use the inverse hyperbolic sine transformation (Figure A2).

15Average effects are similar if we relax this restriction and include any judge who holds at least one
disposition both before and after the retirement event (Table A1).
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specific, year-specific, and month-specific effects, dispositions, decisions, and allowance rates

within a given hearing office would not have deviated if the retirement had not occurred. The

six month pre-retirement period is crucial to understanding the plausibility of the identify-

ing assumption. As seen throughout, pre-trends are mostly flat, with stark, discontinuous

jumps in outcomes once the retirement occurs suggesting the estimated effects are not due

to some underlying, secular trend. We also verify robustness to recently highlighted chal-

lenges associated with twoway fixed effect event study models with staggered treatment

timing (Borusyak and Jaravel, 2020; Callaway and Sant’Anna, 2020; de Chaisemartin and

D’Haultfœuille, 2020; Goodman-Bacon, 2021; Sun and Abraham, 2020). Our estimates are

insensitive to pre-trend tests (Borusyak and Jaravel, 2020), alternative event study estima-

tors (Sun and Abraham, 2020), and event study models using a stacked panel with judges

in hearing offices that will experience a retirement in the future as a control group (similar

to Deshpande and Li (2019)), as suggested by Goodman-Bacon (2021).

We also estimate the following parameterized difference models:

(2)Yjot = β0Month of Colleague Retirementot
+ β1After Colleague Retirementot + δj + φo + γyr + ψmo + εjot

This allows us to identify the average effect of peer judge retirements on remaining judges’

outcomes after the event has occurred. We do not observe when during the month a judge

retires, only the last month they hold any dispositions. For this reason we include two

separate time periods, the exact month of the retirement and the remaining nine months

after the retirement. Because there are no pre-period indicators, β0 and β1 are the effects

relative to the pre-period average, after controlling for judge, office, year, and month fixed

effects. As exact retirement timing is unknown, β0 is hard to interpret, so we are mostly

interested in β1 which is the average impact of a peer retirement on workload and allowance

rates over the next nine months.

The impact of a peer-judge retirement could impact judges heterogeneously. In the ap-

pendix we report estimates that allow the effects in equation (2) to vary with the judge’s
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characteristics, the retiree’s characteristics, or other workplace conditions, but we find lim-

ited evidence that retiring judge characteristics affect the changes in allowance rates (see

Appendix B for details on supplemental estimation and results).

6 Results

6.1 Change in the Number of Judges

We first document that a judge retirement leads to a change in the number of available

judges in the hearing office. To do this we collapse the data to the hearing office level and

count the number of judges that hold dispositions in the hearing office every month of the

event panel, including the retiring judge and any new replacement judges. We then estimate

Number of Judgesot =
9∑

τ=−6

βτ (τ months from retirement)ot + φo + γyr + ψmo + εot. (3)

As before, hearing office, year, and month fixed effects are included and standard errors are

corrected for clustering at the hearing office-level.

The vector of βτ coefficients from equation (3) is plotted in Figure 1 with 95 percent

confidence intervals. The number of judges does not significantly vary during the six months

prior to the retirement. The number of judges drops significantly by 0.84 judges the first

month after the retirement, but slowly increases until reaching 0.5 judges lower nine months

after the retirement.16 This would suggest that judges are immediately replaced in 16 percent

of the retirement events, but that about half of the time they still have not been replaced 9

months after the retirement.17

At first it might seem surprising that retirees are not replaced more quickly, especially

since these events are often predictable. SSA reports consistently emphasize that scarce

resources (Office of the Inspector General, 2017) and insufficient funds (Social Security Ad-

16Because the judge leaves at some point during month zero, the number of judges does not drop until
the first full month after retirement.

17If we extend the post sample to 18 months, most judges have been replaced (Figure A4).
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ministration, 2016) have kept them from hiring enough judges to replace retirees. Applicants

must also pass the ALJ examination to register as a qualified ALJ candidate. This registry

is managed by another agency and only occasionally updated, leaving a limited pool of

qualified candidates. As such, judge counts are slow to recover after a retirement.

6.2 Change in Remaining Judges Dispositions, Decisions, and Allowance Rates

In Panel A of Figure 2 we plot the event study coefficients from equation (1) for the natural

log of dispositions, decisions, and awards. Dispositions are flat prior to the retirement event,

then jump discontinuously by approximately 5 percent in the month of the retirement.18

Dispositions stay significantly higher for 6 months then drop slightly and become statistically

insignificant as judges work through the re-assigned cases and replacement judges enter the

office. Decisions follow a similar pattern, suggesting the remaining judges face a higher

workload, making 5 percent more dispositions and decisions. The number of awards increases

by a slightly smaller amount.

In Panel B of Figure 2 we plot the event study coefficients on the natural log of judge

monthly allowance rates (awards/decisions). Allowance rates hold constant prior to the re-

tirement then start falling around two months after the retirement. All of the post estimates

are negative, but only three of the months are significant at the five percent level. If we

pool observations into two month bins for power, the drop in the allowance rate is more pre-

cisely estimated (Figure A5). Notably, the decrease in allowance rates lags the increase in

workload, which we would expect if it is the accumulation of backlogged cases that changes

judge behavior.19 Estimates from a longer event study (9 months pre, 18 months post) show

that both workload and allowance rate effects have fully faded by 18 months post retirement

(Figure A6).

18This effect masks significant heterogeneity (Figure 3). Although judges experience a fair amount of
month-to-month variation in workload, the retirement induces a simultaneous increase in caseloads across
judges in the affected office.

19Office-level impacts on allowance rates are similar (-0.0075, s.e. 0.003 in the post period), suggesting
the change is a treatment effect, and not simply a change in the composition of judge-case pairings.
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In Table 2 we report the coefficients from equation (2). Dispositions and decisions increase

by 4.5 and 4.9 percent respectively in the month of retirement and 2.6 and 3.3 percent

over the next nine months after the retirement. At the mean, this corresponds to about

one additional case a month. Average daily dispositions and decisions are around 1.6-1.8,

suggesting a little more than half a day’s additional disposition and decision work in a month.

After the retirement, awards also increase, but by about one percent less than the increase

in decisions. This results in allowance rates that are 1 percent lower on average. After a peer

judge retires, remaining judges hear more cases, make more decisions, and award disability

insurance to a smaller share of cases. Since cases are quasi-randomly assigned, this drop is

not due to a compositional change in the judge’s caseload.

6.3 Relationship Between Caseload and Allowance Rates

We further explore the role of caseload on allowance rates in Figure 3. For each judge in our

analysis sample, we calculate average monthly dispositions and allowance rates during the

6 months before and 9 months after the retirement. In Panel A we use a bin-scatter plot

with 20 equally size quantiles of the percent change in dispositions (current caseload) on

the x-axis and bin-average percent changes in allowance rates on the y-axis. We restrict the

sample to judges whose dispositions changed by less than 50 percent, to limit the influence

of outliers. Consistent with Table 2, larger increases in dispositions, are associated with

larger allowance rates reductions. The bivariate coefficient on percent change in dispositions

is -0.032 (s.e. 0.016). In Panel B, we plot the relationship separately by whether the retiring

judge had above or below median dispositions in the 6 months leading up to retirement.

The negative effect is concentrated among events where the retiree had heavier caseloads

(coefficient -0.067 (s.e. 0.026)), which we would expect if this is driven by increased strain

from the retiree’s additional cases.20

20Consistent with this pattern, if we estimate equation 2 by the retiree’s average number of dispositions
in the 6 months prior to retirement, in quartiles, the negative effect on allowance rates is monotonically
increasing as retirees’ caseloads become larger.
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This pattern is consistent with existing work showing that negative environmental con-

ditions make judges less favorable to defendants (Danziger et al., 2011; Eren and Mocan,

2018; Heyes and Saberian, 2019) and descriptive work relating caseloads to case outcomes.

This works against anecdotal evidence that judges spend more time on denials (Office of the

Inspector General, 2017), but other factors, like random quality audits and judge-specific

allowance rate reports, discourage judges from simply lowering allowance standards. Unfor-

tunately, the aggregate nature of the data does not allow us to fully tease out why judge

allowance rates fall or which types of cases they become more likely to deny.21

6.4 Extensions

We explore both heterogeneity and robustness in detail in Appendix B, but highlight key

results here.

Robustness Results are robust to various sample restrictions and controls (Table A1)

and functional form (natural log versus levels or inverse hyperbolic sine) (Figure A2). Re-

sults are not sensitive to restricting the sample of judges or years to exclude retiring judges

that were dismissed or targeted by the 2010-2011 ALJ reforms (Tables A1 and A2). Esti-

mates are robust to pre-trend specification tests (Figure A7) (Borusyak and Jaravel, 2020)

and using the interaction-weighted event study estimator proposed by Sun and Abraham

(2020) (Figure A8). Comparing judges that experience a retirement to judges in hearing

offices that experience a retirement exactly one year later as in Deshpande and Li (2019), to

exclude negative weighted comparisons (Goodman-Bacon, 2021) and account for potential,

underlying secular trends in caseloads and allowance rates, yield similar patterns (Table A3

and Figure A9).

Heterogeneity and Peer Effects As seen in Table A4, female judges experience a

67 percent larger increase in decisions after peer retirements (4.5 vs. 2.7 percent), and a

marginally significant additional 0.9 percent decrease in allowance rates. Judges with less

21As seen in Table A8, this is not driven by increased dismissal for technical or administrative error.
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tenure also experience higher caseloads and lower allowance rates after the retirement.22

These patterns are consistent with an increase in caseload negatively impacting allowance

rates and suggest these groups might put more weight on correctly assessing denials relative

to awards. Judges with above average allowance rates in their office see large declines in

allowance rates after the peer retirement, consistent with mean reversion.

As an alternative to caseloads, peer effects could also affect remaining judge allowance

rates. However, we see little evidence of retiring judge characteristics impacting the allowance

rate response in the nine months following retirement. One exception is larger negative

effects if the retiring judge is relatively new, which would plausibly be more unexpected

than a typical retirement, with no replacement judge lined-up and more case-shifting (see

Table A5).23 We explore judge/retiree gender parity and office-level characteristics, but see

limited differences (Tables A6 and A7).

7 Implications for the Disability Program

These patterns have potential implications for the size of the disability insurance program.

During our analysis sample, judges make 32.4 decisions a month. A one percent lower

allowance rate would suggest 0.32 fewer applicants are awarded disability insurance per

judge per month. With 5,770 judges experiencing a peer judge retirement disruption, this

would suggest that 16,618 additional claimants were denied disability insurance during our

sample. These are claimants that would have plausibly been awarded disability insurance

if the disruption had not occurred. Unfortunately, the aggregate data do not allow us to

document who the marginal denied claimants are, limiting our ability to comment on the

welfare effects of judge retirements. For example, judges might be denying more claimants

with less severe disabilities (and some scope to work (French and Song, 2014)) or alternatively

22Subgroups can experience differential increases in caseloads because pending cases are assigned to the
judge that last completed a case. Judges that complete cases more quickly will be assigned more cases.

23If we limit the sample to retirement events where the retiree’s average caseload was no more than 10
percent lower 1-3 months before the retirement relative to 4-6 months before retirement (to avoid judges
easing to retirement) we find larger caseload effects and a slightly larger decrease in allowance rates.
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claimants with more complex cases. One margin we can explore is the fully- and partially-

favorable allowance rates. Partially-favorable awards occur when the judge does not accepted

the alleged onset date, implying the individual became sufficiently disabled to qualify at a

later date. These might be cases where the evidence is less clear. As seen in Table A8,

the percent change in fully- and partially-favorable allowance rates are nearly the same,

suggesting the increased stringency is not so targeted. Regardless, retirement disruptions

result in less benefit distribution. Average monthly benefits of $1,233.70 for disabled workers

would imply nearly $246 million of forgone annual benefits for the 16,618 denied claimants.

Even if these claimants are more negatively selected (on earnings) than the average awardee,

even benefits at the 25th percentile ($900) would still imply $179.5 million of forgone annual

benefits (Social Security Administration, 2019).

Higher caseloads could also impact claimant wait times. Claimants wait nearly 15 months

on average for an ALJ hearing. Autor et al. (2017) find that delays in the SSDI determination

process reduces labor force participation and annual earnings through skill depreciation,

while SSA reports that annually nearly 7,800 people die waiting for an ALJ decision (Gross

et al., 2018). Using the parameterized equivalent of equation (3), we estimate that a judge

retirement increases time to hearing by an insignificant 0.04 months (Table A8). Given this

small, insignificant increase in wait time, judge retirements likely have negligible impacts on

skill depreciation or mortality of applicants. However, lower allowance rates at the ALJ-level

could lead to increased applicant employment (French and Song, 2014).

8 Conclusion

We explore how peer judge retirements affect remaining judges’ caseloads and allowance

rates among SSA disability judges. Only about 50 percent of the retiring judges have been

replaced by 9 months, leading to a 2.6-3.3 percent increase in remaining judges’ workload.

There is a corresponding one percent drop in the judges’ monthly allowance rates, suggesting

that some claimants that would have been awarded SSDI under different circumstances, were
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not because of the change in the work environment. The magnitude of these effects are about

7% of the typical within judge variation.

Judges with less experience exhibit the largest increase in workload and reduction in

allowance rates. There is also suggestive evidence that female judges experience a relatively

larger increase in caseloads and reduction in allowance rates. Results are consistent with the

increase in caseload leading judges to change the way they judge and do not appear to be

driven by peer effects from the retiring judge.

We estimate that the reduction in allowances associated with these workplace disruptions

have resulted in approximately 16,600 applicants that would have been awarded disability

being denied, missing out on hundreds of millions of dollars of annual benefits. With case-

level data we could better evaluate which types of claimants are affected and overall welfare

effects. Importantly, these effects could potentially be mitigated or avoided through policy

and action aimed at creating a more stable SSA judicial corps.
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Tables and Figures

Figure 1: Impact of Judge Retirement on Office-level Number of Judges
Notes: Observation at the Hearing Office by month level. Each point is an event study coefficient

obtained from estimating equation (3), where the outcome is the number of judges hearing cases at the
Hearing Office-level. Month zero is the last month the judge is observed in the data, meaning they left at
some point during that month. The sixth month prior to the retirement is the omitted group. Regression
includes Hearing Office, year, and month fixed effects. Standard errors are corrected for clustering at the
Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure 2: Impact of Judge Retirement on Judge-level Caseload and Allowance Rates

Notes: Observation at the judge by month level. Each point is an event study coefficient obtained from estimating equation (1), where the
outcome is the natural log of the number of dispositions, decisions, awards, or the allowance rate. Only judges who appear all 6 months before the
retirement event, and all 9 months after are included. Month zero is the last month the judge is observed in the data, meaning they left at some point
during that month. The sixth month prior to the retirement is the omitted group. Regression includes judge, Hearing Office, year, and month fixed
effects. Standard errors are corrected for clustering at the Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure 3: Potential Mechanisms: Relationship between Caseload and Allowance Rates Changes After a Peer Retirement

Notes: Each point represents the average percent change in allowance rates from the pre- to post-retirement period by the average percent change
in pre- to post-retirement dispositions in 20 equal-sized quantile bines. The sample is restricted to judges that experiences changes in dispositions
less than 50 percent. In the left panel, all judges are included. The bivariate regression coefficient on dispositions is -0.032 (s.e. 0.016). In the right
panel, judges in retirement events where the retiree’s average pre-retirement dispositions were above and below median are plotted separately. The
bivariate regression coefficient on dispositions is -0.067 (s.e. 0.026) for above median judges and 0.004 (s.e. 0.024) for below median judges.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Table 1: Judge Monthly Summary Statistics

Event Study Analysis Sample

Full Sample Full Sample Before Retirement After Retirement Retirees
(1) (2) (3) (4) (5)

Dispositions 38.28 40.17 39.97 40.29 34.34
Decisions 31.17 32.43 32.29 32.52 28.61
Awards 17.44 18.32 18.41 18.27 16.80
Fully Favorable 15.25 16.06 16.21 15.98 14.80
Allowance Rate 0.56 0.56 0.57 0.56 0.58
Female First Name 0.34 0.34 0.34 0.34 0.25
Observation Year 2014.75 2014.80 2014.39 2015.05 2014.34

Monthly Observations 158,065 90,144 33,804 56,340 4,488

Notes: Observation at the judge by month level. Judges at National Hearing Centers are excluded. Mean
values for the entire sample of available data (September 2010 - July 2019) available in column (1). The
sample in columns (2) through (4) is restricted to judge by month observations in the event study window
of a retirement event and only includes judges that are observed in all months of the event study window.
As some retirement events happen within a short period of time, some judge by month observations will be
duplicated in the analysis sample. The sample in column (5) is restricted to monthly observations during
the “pre-period” of the event study window of the judges that retire.
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Table 2: Average Impact of Colleague Retirement on Judge-level Caseload and Allowance Rate

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Month of Colleague Retirement 0.045*** 0.049*** 0.045*** -0.004 1.799*** 1.501*** 0.782*** -0.003
(0.008) (0.008) (0.010) (0.005) (0.311) (0.272) (0.181) (0.002)

After Colleague Retirement 0.026*** 0.033*** 0.025*** -0.009*** 0.888*** 0.882*** 0.305*** -0.005***
(0.005) (0.005) (0.005) (0.003) (0.149) (0.133) (0.078) (0.002)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel and only includes judges who appear all 6
months before the retirement event, and all 9 months after are included. The sample size is not uniform because some judge-month observations equal
zero, making the outcome undefined. Estimates are robust to estimation in levels or using the inverse hyperbolic sine (Figure A2). Judge, Hearing
Office, year, and month fixed effects are included. Standard errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1
*.
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Online Appendix A: Additional Tables and Figures

Figure A1: Retirement Event Timing and Number of Judges the Month Before a Retirement Event

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A2: Event Study Effects Untransformed (in Levels) or Using the Inverse Hyperbolic
Sine Transformation

Notes: Observation at the judge by month level. Each point is an event study coefficient obtained from
estimating equation (1), where the outcome is the number of dispositions, decisions, awards, or the allowance
rate in levels (in the top panel) or using the inverse hyperbolic sine transformation (IHS) (in the bottom
panel). The IHS transformation is similar to the natural log, but is defined at zero. Only judges who appear
all 6 months before the retirement event, and all 9 months after are included. Month zero is the last month
the judge is observed in the data, meaning they left at some point during that month. The sixth month
prior to the retirement is the omitted group. Regression includes judge, Hearing Office, year, and month
fixed effects. Standard errors are corrected for clustering at the Hearing Office-level. 95 percent confidence
intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A3: Impact of Judge Retirement on Judge-level Caseload and Allowance Rates, Alternative Omitted Period

Notes: Observation at the judge by month level. Each point is an event study coefficient obtained from estimating equation (1), where the
outcome is the natural log of the number of dispositions, decisions, awards, or the allowance rate. Only judges who appear all 6 months before the
retirement event, and all 9 months after are included. Month zero is the last month the judge is observed in the data, meaning they left at some
point during that month. The month prior to the retirement is the omitted group. Regression includes judge, Hearing Office, year, and month fixed
effects. Standard errors are corrected for clustering at the Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.

29



Figure A4: Impact of Judge Retirement on Office-level Number of Judges, Extended Post
Period

Notes: Observation at the Hearing Office by month level. Each point is an event study coefficient
obtained from estimating an equation similar to (3), but with 18 post period months, where the outcome
is the number of judges hearing cases at the Hearing Office-level. Month zero is the last month the judge
is observed in the data, meaning they left at some point during that month. The sixth month prior to the
retirement is the omitted group. Regression includes Hearing Office, year, and month fixed effects. Standard
errors are corrected for clustering at the Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A5: Impact of Judge Retirement on Judge-level Allowance Rate, 2 Month Bins

Notes: Observation at the judge by month level. Each point is an event study coefficient obtained from
estimating equation (1), where the outcome is the natural log of the montly allowance rate. Only judges
who appear all 6 months before the retirement event, and all 9 months after are included. Month zero is
the last month the judge is observed in the data, meaning they left at some point during that month. The
sixth month prior to the retirement is the omitted group. Regression includes judge, Hearing Office, year,
and month fixed effects. Standard errors are corrected for clustering at the Hearing Office-level. 95 percent
confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A6: Impact of Judge Retirement on Judge-level Caseload and Allowance Rates, Extended Sample Window

Notes: Observation at the judge by month level. Each point is an event study coefficient obtained from estimating equation (1), where the
outcome is the natural log of the number of dispositions, decisions, awards, or the allowance rate. Only judges who appear all 9 months before the
retirement event, and 18 months after are included, resulting a smaller sample than our baseline estimates. Month zero is the last month the judge
is observed in the data, meaning they left at some point during that month. The ninth month prior to the retirement is the omitted group. To avoid
overlapping panels, retirement events within nine months of each other are excluded. Regression includes judge, Hearing Office, year, and month fixed
effects. Standard errors are corrected for clustering at the Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A7: Pre-Trend Specification Checks

Notes: These tests builds on (Borusyak and Jaravel, 2020) to explore robustness of effects to the pre-trend. Observation at the judge by month
level. In the top graph, each point is an event study coefficient obtained from estimating an equation similar to equation (1), but only the pre-period
indicators are included and the indicators for both six and one months prior are excluded. In the bottom graphs, each point is an event study
coefficient obtained from estimating equation (1), where the outcome is the natural log of the number of dispositions, decisions, awards, or allowance
rates but all of the pre-period estimates are omitted so that dynamic effects can be identified. Only judges who appear all 6 months before the
retirement event, and all 9 months after are included. Month zero is the last month the retiring judge is observed in the data, meaning they left at
some point during that month. Regression includes judge, Hearing Office, year, and month fixed effects. Standard errors are corrected for clustering
at the Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A8: Staggered Event Study Corrections: Impact of Judge Retirement on Judge-level Caseload and Allowance Rates

Notes: This replicates the results in Figure 2, but uses the interaction-weighted estimator proposed by Sun and Abraham (2020) to correct for
improper weighting in event study analysis with staggered treatment timing. The last retirement event is treated as the control unit. Observation
at the judge by month level. Only judges who appear all 6 months before the retirement event, and all 9 months after are included. Month zero is
the last month the judge is observed in the data, meaning they left at some point during that month. The sixth month prior to the retirement is the
omitted group. Regression includes judge, Hearing Office, year, and month fixed effects. Standard errors are corrected for clustering at the Hearing
Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Figure A9: Impact of Judge Retirement on Judge-level Caseload, Stacked Event Panel Including Future Retirement Events as
Controls

Notes: Observation at the judge by month level. Each point is an event study coefficient obtained from estimating equation (4), where the
outcome is the natural log of the number of dispositions, decisions, or awards. Only judges who appear all 6 months before the retirement event, and
all 9 months after are included. Month zero is the last month the judge is observed in the data, meaning they left at some point during that month.
The sixth month prior to the retirement is the omitted group. Regression includes judge, Hearing Office, year, and month fixed effects. Standard
errors are corrected for clustering at the Hearing Office-level. 95 percent confidence intervals are provided.

Source: Author’s own calculations using the monthly SSA ALJ Disposition Data.
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Table A1: Robustness: Impact of Colleague Retirement on Judge-level Caseload and Al-
lowance Rates

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Panel A. Include Labor Market, Industry, and Demographic Controls
Month of Colleague Retirement 0.044*** 0.048*** 0.038*** -0.010* 1.730*** 1.459*** 0.660*** -0.006**

(0.010) (0.010) (0.011) (0.005) (0.365) (0.319) (0.207) (0.002)
After Colleague Retirement 0.025*** 0.032*** 0.023*** -0.011*** 0.871*** 0.881*** 0.279*** -0.006***

(0.005) (0.006) (0.005) (0.003) (0.163) (0.145) (0.081) (0.002)

Dependent Mean (in Levels) 40.36 32.81 18.57 0.56 40.08 32.48 18.28 0.56
Observations 68,651 68,437 68,076 68,076 69,134 69,134 69,134 68,437

Panel B. Include National Hearing Centers
Month of Colleague Retirement 0.044*** 0.046*** 0.044*** -0.003 1.696*** 1.415*** 0.742*** -0.003

(0.008) (0.008) (0.010) (0.005) (0.312) (0.275) (0.177) (0.002)
After Colleague Retirement 0.024*** 0.031*** 0.024*** -0.008*** 0.808*** 0.809*** 0.287*** -0.005***

(0.005) (0.005) (0.005) (0.003) (0.149) (0.138) (0.075) (0.002)

Dependent Mean (in Levels) 40.55 32.82 18.54 0.56 40.24 32.47 18.25 0.56
Observations 93,838 93,571 93,099 93,099 94,576 94,576 94,576 93,571

Panel C. Include Everyone with Any Pre- and Post- Observations
Month of Colleague Retirement 0.028*** 0.033*** 0.031*** -0.003 1.188*** 1.029*** 0.514*** -0.003

(0.009) (0.009) (0.010) (0.005) (0.301) (0.265) (0.168) (0.002)
After Colleague Retirement 0.025*** 0.034*** 0.030*** -0.013*** 0.913*** 0.957*** 0.314*** -0.008***

(0.005) (0.006) (0.005) (0.003) (0.148) (0.139) (0.079) (0.001)

Dependent Mean (in Levels) 39.47 32.02 18.15 0.56 38.78 31.32 17.60 0.56
Observations 103,862 103,379 102,498 102,498 105,714 105,714 105,714 103,379

Panel D. Non-Overlapping Event Windows
Month of Colleague Retirement 0.050*** 0.055*** 0.058*** 0.001 2.091*** 1.768*** 1.039*** -0.001

(0.011) (0.012) (0.013) (0.006) (0.448) (0.377) (0.248) (0.003)
After Colleague Retirement 0.034*** 0.042*** 0.032*** -0.012*** 1.284*** 1.201*** 0.439*** -0.006***

(0.005) (0.006) (0.006) (0.003) (0.174) (0.162) (0.097) (0.002)

Dependent Mean (in Levels) 40.92 33.16 18.67 0.56 40.63 32.85 18.41 0.56
Observations 51,930 51,809 51,576 51,576 52,304 52,304 52,304 51,809

Panel E. Exclude Events Where Retiree Disciplined or Reviewed by MSPB
Month of Colleague Retirement 0.046*** 0.049*** 0.045*** -0.005 1.789*** 1.485*** 0.767*** -0.004

(0.008) (0.008) (0.010) (0.005) (0.304) (0.265) (0.177) (0.002)
After Colleague Retirement 0.026*** 0.033*** 0.025*** -0.009*** 0.879*** 0.873*** 0.303*** -0.005***

(0.005) (0.005) (0.005) (0.003) (0.147) (0.132) (0.079) (0.002)

Dependent Mean (in Levels) 40.45 32.75 18.60 0.57 40.14 32.40 18.31 0.56
Observations 88,848 88,599 88,147 88,147 89,536 89,536 89,536 88,599

Panel F. Hearing Office and Year-by-Month Fixed Effects
Month of Colleague Retirement 0.023*** 0.027*** 0.030*** 0.002 0.940*** 0.827*** 0.503*** -0.000

(0.007) (0.007) (0.008) (0.005) (0.230) (0.205) (0.139) (0.002)
After Colleague Retirement 0.021*** 0.028*** 0.023*** -0.006* 0.751*** 0.755*** 0.307*** -0.003**

(0.005) (0.005) (0.005) (0.003) (0.149) (0.131) (0.080) (0.002)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Panel G. Retirement Event and Month Fixed Effects
Month of Colleague Retirement 0.035*** 0.035*** 0.032*** -0.004 1.423*** 1.109*** 0.543*** -0.004

(0.008) (0.008) (0.009) (0.005) (0.306) (0.267) (0.175) (0.002)
After Colleague Retirement 0.008 0.009 -0.001 -0.012*** 0.207 0.124 -0.206** -0.007***

(0.006) (0.006) (0.005) (0.003) (0.175) (0.152) (0.089) (0.002)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel
and only includes judges who appear all 6 months before the retirement event, and all 9 months after are
included. Judge, Hearing Office, year, and month fixed effects are included. Standard errors corrected for
clustering at the Hearing Office level. Panel A includes judges at the four National Hearing Centers which
take excess cases from other Hearing Offices. Panel B includes the Hearing Office-level unemployment rate,
labor force participation rate, industry composition shares, race shares, percent of the population under 20,
and percent of the population over 65. These measures are aggregated up from county-level measures based
on Hearing Office assignment. Panel C includes any judge that appears in both the pre- and post-period,
and is not balanced. Panel D only includes retirement events that are at least nine months from any other
retirement event, so that there are no overlapping event study windows. Panel E excludes events where there
is any record that the retiring judge underwent review through the MSPB. Panel F includes hearing office
and month-by-year fixed effects. Panel G includes month and retirement event-level fixed effects. p<0.01
***, p<0.05 **, p<0.1 *.
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Table A2: Heterogeneous Impact of Colleague Retirement on Judge-level Caseload and Al-
lowance Rates by Time Period

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Retirement in 2011-2014

Month of Colleague Retirement 0.040*** 0.045*** 0.046*** 0.003 1.722*** 1.535*** 0.909*** 0.000
(0.011) (0.011) (0.013) (0.006) (0.476) (0.408) (0.280) (0.003)

After Colleague Retirement 0.010 0.015** 0.018** 0.001 0.357 0.403* 0.163 -0.001
(0.006) (0.006) (0.008) (0.004) (0.235) (0.210) (0.151) (0.002)

Dependent Mean (in Levels) 42.89 35.29 20.25 0.57 42.57 34.97 19.98 0.56
Observations 41,273 41,208 41,029 41,029 41,584 41,584 41,584 41,208

Retirement in 2015-2018

Month of Colleague Retirement 0.049*** 0.051*** 0.044*** -0.009 1.819*** 1.454*** 0.640*** -0.006*
(0.011) (0.012) (0.014) (0.008) (0.369) (0.324) (0.212) (0.004)

After Colleague Retirement 0.033*** 0.043*** 0.026*** -0.018*** 1.215*** 1.207*** 0.345*** -0.009***
(0.007) (0.008) (0.008) (0.005) (0.206) (0.195) (0.124) (0.002)

Dependent Mean (in Levels) 38.42 30.61 17.20 0.56 38.12 30.26 16.91 0.56
Observations 48,182 47,997 47,724 47,724 48,560 48,560 48,560 47,997

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel
and only includes judges who appear all 6 months before the retirement event, and all 9 months after are
included. Judge, Hearing Office, year, and month fixed effects are included. Judge’s gender is proxied by
the genderedness of their first name. Names that are over 50 percent female in the SSA birth name records
are labeled women. Judge’s race is proxied by the racial composition of their surname using US Census data
that reports what fraction of the population with a given last name is White, Black, or Hispanic. Standard
errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1 *.
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Table A3: Impact of Colleague Retirement on Judge-level Caseload and Allowance Rates, Retirement-Event Stacked Panel

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Stacked Baseline Specification
Treated -0.014** -0.018*** -0.012* 0.005 -0.366** -0.396** -0.110 0.003*

(0.006) (0.006) (0.006) (0.003) (0.184) (0.158) (0.105) (0.002)
Treated*Month of Colleague Retirement 0.017 0.022* 0.022 -0.002 0.663* 0.636* 0.324 -0.002

(0.011) (0.012) (0.014) (0.008) (0.398) (0.351) (0.234) (0.004)
Treated*After Colleague Retirement 0.034*** 0.041*** 0.028*** -0.011** 0.966*** 0.942*** 0.311** -0.006**

(0.007) (0.008) (0.008) (0.005) (0.234) (0.208) (0.132) (0.002)

Dependent Mean (in Levels) 39.96 32.46 18.58 0.57 39.69 32.16 18.31 0.57
Observations 839,737 837,625 833,178 833,178 845,440 845,440 845,440 837,625

Stacked Baseline Specification with Year and Month Fixed Effects
Treated -0.018*** -0.021*** -0.015** 0.004 -0.497*** -0.494*** -0.170* 0.002

(0.005) (0.005) (0.006) (0.003) (0.167) (0.145) (0.097) (0.001)
Treated*Month of Colleague Retirement 0.017 0.024** 0.021 -0.004 0.614 0.660* 0.300 -0.003

(0.011) (0.011) (0.013) (0.007) (0.389) (0.343) (0.228) (0.003)
Treated*After Colleague Retirement 0.041*** 0.046*** 0.035*** -0.009** 1.204*** 1.114*** 0.421*** -0.005**

(0.007) (0.007) (0.007) (0.004) (0.204) (0.184) (0.116) (0.002)

Dependent Mean (in Levels) 39.96 32.46 18.58 0.57 39.69 32.16 18.31 0.57
Observations 839,737 837,625 833,178 833,178 845,440 845,440 845,440 837,625

Notes: Observation at the judge by month level. Sample includes judges from each retirement event, as well as retirement events exactly one year
later, but during the same time as the focal retirement, similar to Deshpande and Li (2019). Sample restricted to the event study balanced panel
and only includes judges who appear all 6 months before the retirement event, and all 9 months after are included. Judge, event, Hearing Office, and
month fixed effects are included. Standard errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1 *.
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Table A4: Impact of Colleague Retirement on Judge-level Caseload and Allowance Rates by Judge Characteristics

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Month of Colleague Retirement 0.038*** 0.042*** 0.045*** -0.001 1.741*** 1.423*** 0.744*** -0.003
(0.009) (0.010) (0.010) (0.005) (0.363) (0.314) (0.209) (0.002)

After Colleague Retirement 0.021*** 0.027*** 0.022*** -0.006* 0.651*** 0.665*** 0.213** -0.004**
(0.005) (0.005) (0.006) (0.004) (0.158) (0.142) (0.090) (0.002)

Month of Colleague Retirement 0.021* 0.019 0.001 -0.010 0.192 0.232 0.114 0.000
*Female (0.011) (0.012) (0.013) (0.009) (0.363) (0.316) (0.206) (0.004)

After Colleague Retirement 0.013 0.018** 0.011 -0.009* 0.712*** 0.651*** 0.277** -0.004*
*Female (0.009) (0.009) (0.009) (0.005) (0.237) (0.199) (0.134) (0.002)

Dependent Mean (in Levels) 40.49 32.78 18.62 0.57 40.18 32.44 18.33 0.56
Observations 89,313 89,063 88,611 88,611 90,000 90,000 90,000 89,063

Month of Colleague Retirement 0.036*** 0.040*** 0.037*** -0.004 1.508*** 1.244*** 0.622*** -0.003
(0.008) (0.008) (0.009) (0.005) (0.285) (0.253) (0.162) (0.002)

After Colleague Retirement 0.018*** 0.026*** 0.021*** -0.006* 0.724*** 0.747*** 0.287*** -0.004**
(0.005) (0.005) (0.005) (0.003) (0.146) (0.131) (0.081) (0.002)

Month of Colleague Retirement 0.139*** 0.132*** 0.102*** -0.021* 4.093*** 3.544*** 1.897*** -0.011*
*< 1 Year as Judge (0.030) (0.029) (0.032) (0.012) (1.128) (0.975) (0.691) (0.006)

After Colleague Retirement 0.144*** 0.139*** 0.073*** -0.063*** 3.471*** 2.783*** 0.286 -0.033***
*< 1 Year as Judge (0.026) (0.026) (0.027) (0.010) (0.799) (0.696) (0.451) (0.005)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Month of Colleague Retirement 0.045*** 0.048*** 0.047*** -0.001 1.767*** 1.466*** 0.807*** -0.002
(0.008) (0.008) (0.009) (0.005) (0.310) (0.272) (0.175) (0.002)

After Colleague Retirement 0.026*** 0.033*** 0.028*** -0.007** 0.883*** 0.878*** 0.345*** -0.004***
(0.005) (0.005) (0.005) (0.003) (0.148) (0.133) (0.077) (0.001)

Month of Colleague Retirement 0.029 0.050 -0.197*** -0.272*** 0.658 1.221 -2.059** -0.132***
*Judge Pre- Award Rate Minus Office Award Rate (0.046) (0.050) (0.050) (0.033) (1.523) (1.327) (0.820) (0.014)

After Colleague Retirement -0.027 -0.045 -0.327*** -0.325*** -1.561* -1.516** -5.457*** -0.182***
*Judge Pre- Award Rate Minus Office Award Rate (0.031) (0.033) (0.035) (0.024) (0.868) (0.729) (0.578) (0.012)

Dependent Mean (in Levels) 40.48 32.78 18.61 0.56 40.18 32.44 18.32 0.56
Observations 89,446 89,196 88,744 88,744 90,128 90,128 90,128 89,196

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel and only includes judges who appear all 6
months before the retirement event, and all 9 months after are included. Judge, Hearing Office, year, and month fixed effects are included. Judge’s
gender is proxied by the genderedness of their first name. Names that are over 50 percent female in the SSA birth name records are labeled women.
Standard errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1 *.
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Table A5: Impact of Colleague Retirement on Judge-level Caseload and Allowance Rates by Retiree’s Characteristics

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Month of Colleague Retirement 0.055*** 0.058*** 0.059*** 0.000 2.118*** 1.799*** 1.007*** -0.002
(0.010) (0.011) (0.012) (0.006) (0.381) (0.335) (0.219) (0.003)

After Colleague Retirement 0.027*** 0.034*** 0.026*** -0.009*** 0.970*** 0.949*** 0.355*** -0.005***
(0.005) (0.006) (0.006) (0.003) (0.164) (0.151) (0.094) (0.002)

Month of Colleague Retirement -0.039** -0.037* -0.057*** -0.018* -1.270* -1.189** -0.894** -0.005
*Retiree Female (0.019) (0.021) (0.021) (0.011) (0.657) (0.571) (0.354) (0.005)

After Colleague Retirement -0.004 -0.003 -0.002 -0.001 -0.320 -0.265 -0.198 0.000
*Retiree Female (0.010) (0.012) (0.013) (0.006) (0.321) (0.291) (0.186) (0.003)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Month of Colleague Retirement 0.042*** 0.044*** 0.043*** -0.002 1.666*** 1.365*** 0.708*** -0.003
(0.008) (0.009) (0.010) (0.005) (0.293) (0.260) (0.166) (0.002)

After Colleague Retirement 0.027*** 0.035*** 0.029*** -0.008** 0.988*** 0.979*** 0.378*** -0.005***
(0.005) (0.005) (0.005) (0.003) (0.159) (0.142) (0.084) (0.002)

Month of Colleague Retirement 0.032 0.047 0.020 -0.025* 1.327 1.333 0.592 -0.011
*Retiree < 1 Year as Judge (0.029) (0.030) (0.029) (0.013) (1.092) (0.979) (0.651) (0.007)

After Colleague Retirement -0.002 -0.013 -0.037** -0.024*** -0.820* -0.853* -1.012*** -0.015***
*Retiree < 1 Year as Judge (0.014) (0.015) (0.017) (0.009) (0.492) (0.469) (0.340) (0.005)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Month of Colleague Retirement 0.046*** 0.049*** 0.045*** -0.004 1.823*** 1.519*** 0.793*** -0.003
(0.008) (0.008) (0.010) (0.005) (0.310) (0.274) (0.182) (0.002)

After Colleague Retirement 0.025*** 0.033*** 0.025*** -0.009*** 0.881*** 0.878*** 0.304*** -0.005***
(0.005) (0.005) (0.005) (0.003) (0.148) (0.134) (0.078) (0.002)

Month of Colleague Retirement -0.014 -0.025 0.013 0.034 -2.505 -1.866 -1.029 0.008
*Retiree Pre- Award Rate Minus Office Award Rate (0.051) (0.058) (0.060) (0.034) (1.999) (1.835) (1.083) (0.016)

After Colleague Retirement 0.052 0.052 0.042 -0.011 1.399 0.986 0.437 -0.006
*Retiree Pre- Award Rate Minus Office Award Rate (0.034) (0.039) (0.038) (0.021) (1.153) (1.072) (0.592) (0.010)

Dependent Mean (in Levels) 40.47 32.77 18.61 0.56 40.16 32.43 18.32 0.56
Observations 89,375 89,125 88,673 88,673 90,064 90,064 90,064 89,125

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel and only includes judges who appear all 6
months before the retirement event, and all 9 months after are included. Judge, Hearing Office, year, and month fixed effects are included. Judge’s
gender is proxied by the genderedness of their first name. Names that are over 50 percent female in the SSA birth name records are labeled women.
Standard errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1 *.
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Table A6: Impact of Colleague Retirement on Caseload and Allowance Rates by Gender Parity

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Month of Colleague Retirement 0.051*** 0.055*** 0.061*** 0.002 2.095*** 1.792*** 0.991*** -0.003
(0.010) (0.011) (0.012) (0.006) (0.426) (0.375) (0.245) (0.003)

After Colleague Retirement 0.027*** 0.034*** 0.028*** -0.006 0.889*** 0.873*** 0.328*** -0.004**
(0.006) (0.006) (0.007) (0.004) (0.181) (0.164) (0.106) (0.002)

Month of Collegue Retirement 0.015 0.011 -0.008 -0.009 0.010 -0.024 -0.048 -0.001
*Retiree Male, Female Judge (0.013) (0.014) (0.016) (0.010) (0.437) (0.375) (0.246) (0.005)

After Colleague Retirement 0.012 0.015 0.006 -0.011* 0.592** 0.522** 0.253* -0.004
*Retiree Male, Female Judge (0.010) (0.009) (0.010) (0.005) (0.266) (0.227) (0.150) (0.002)

Month of Colleague Retirement -0.002 0.001 -0.024 -0.018 -0.585 -0.366 -0.241 0.001
*Retiree Female, Female Judge (0.024) (0.026) (0.026) (0.015) (0.762) (0.644) (0.414) (0.007)

After Colleague Retirement -0.006 0.002 0.002 -0.002 -0.050 0.052 -0.048 -0.001
*Retiree Female, Female Judge (0.017) (0.019) (0.018) (0.008) (0.470) (0.439) (0.247) (0.004)

Month of Colleague Retirement -0.046** -0.048** -0.069*** -0.014 -1.637** -1.642*** -1.115*** -0.004
*Retiree Female, Male Judge (0.019) (0.021) (0.023) (0.012) (0.703) (0.624) (0.403) (0.006)

After Colleague Retirement -0.008 -0.010 -0.013 -0.003 -0.647 -0.599* -0.318 0.000
*Retiree Female, Male Judge (0.014) (0.015) (0.015) (0.006) (0.409) (0.360) (0.226) (0.003)

Dependent Mean (in Levels) 40.5 32.8 18.5 0.6 40.2 32.4 18.2 0.6
Observations 94,905 94,628 94,141 94,141 95,656 95,656 95,656 94,628

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel and only includes judges who appear all 6
months before the retirement event, and all 9 months after are included. Judge, Hearing Office, year, and month fixed effects are included. Judge’s
gender is proxied by the genderedness of their first name. Names that are over 50 percent female in the SSA birth name records are labeled women.
Standard errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1 *.

41



Table A7: Impact of Colleague Retirement on Judge-level Caseload and Allowance Rates by
Hearing Office Characteristics

Natural Log of

Dispositions Decisions Awards Allowance Rate Dispositions Decisions Awards Allowance Rate
(1) (2) (3) (4) (5) (6) (7) (8)

Month of Colleague Retirement 0.044*** 0.047*** 0.043*** -0.004 1.765*** 1.465*** 0.749*** -0.003
(0.008) (0.008) (0.010) (0.005) (0.315) (0.273) (0.181) (0.002)

After Colleague Retirement 0.021*** 0.027*** 0.018*** -0.011*** 0.774*** 0.737*** 0.183* -0.005***
(0.006) (0.006) (0.006) (0.003) (0.174) (0.151) (0.104) (0.002)

Month of Colleague Retirement 0.001 0.002 0.004 0.003 0.065 0.063 0.097 0.002
*De-Meaned Unemployment Rate (0.004) (0.004) (0.004) (0.002) (0.138) (0.122) (0.089) (0.001)

After Colleague Retirement -0.005** -0.007*** -0.003 0.003*** -0.281*** -0.259*** -0.110** 0.001**
*De-Meaned Unemployment Rate (0.002) (0.002) (0.003) (0.001) (0.075) (0.070) (0.050) (0.001)

Dependent Mean (in Levels) 40.47 32.76 18.57 0.56 40.16 32.42 18.28 0.56
Observations 88,166 87,917 87,471 87,471 88,848 88,848 88,848 87,917

Month of Colleague Retirement 0.044*** 0.047*** 0.044*** -0.004 1.761*** 1.468*** 0.762*** -0.003
(0.008) (0.008) (0.010) (0.005) (0.308) (0.271) (0.180) (0.002)

After Colleague Retirement 0.024*** 0.031*** 0.024*** -0.009*** 0.833*** 0.834*** 0.276*** -0.005***
(0.005) (0.005) (0.005) (0.003) (0.155) (0.140) (0.082) (0.002)

Month of Colleague Retirement -0.000 -0.000 -0.000 -0.000 -0.004 -0.003 -0.001 -0.000
*De-Meaned Average Monthly Dispositions (0.000) (0.000) (0.000) (0.000) (0.003) (0.002) (0.002) (0.000)

After Colleague Retirement -0.000*** -0.000*** -0.000*** 0.000 -0.005*** -0.004*** -0.002*** 0.000
*De-Meaned Average Monthly Dispositions (0.000) (0.000) (0.000) (0.000) (0.001) (0.001) (0.001) (0.000)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Month of Colleague Retirement 0.045*** 0.048*** 0.045*** -0.004 1.789*** 1.494*** 0.780*** -0.003
(0.008) (0.008) (0.010) (0.005) (0.306) (0.270) (0.179) (0.002)

After Colleague Retirement 0.025*** 0.032*** 0.025*** -0.009*** 0.865*** 0.867*** 0.300*** -0.005***
(0.005) (0.005) (0.005) (0.003) (0.147) (0.132) (0.078) (0.002)

Month of Colleague Retirement -0.002 -0.001 -0.004 -0.003* -0.155 -0.108 -0.071 -0.001*
*De-Meaned Number of Judges at Retirement (0.003) (0.003) (0.003) (0.002) (0.096) (0.083) (0.057) (0.001)

After Colleague Retirement -0.001 -0.002 -0.003 -0.001 -0.023 -0.033 -0.015 -0.001
*De-Meaned Number of Judges at Retirement (0.002) (0.002) (0.002) (0.001) (0.049) (0.041) (0.026) (0.001)

Dependent Mean (in Levels) 40.48 32.77 18.61 0.56 40.17 32.43 18.32 0.56
Observations 89,455 89,205 88,753 88,753 90,144 90,144 90,144 89,205

Notes: Observation at the judge by month level. Sample restricted to the event study balanced panel
and only includes judges who appear all 6 months before the retirement event, and all 9 months after are
included. Judge, Hearing Office, year, and month fixed effects are included. Judge’s gender is proxied by
the genderedness of their first name. Names that are over 50 percent female in the SSA birth name records
are labeled women. Judge’s race is proxied by the racial composition of their surname using US Census data
that reports what fraction of the population with a given last name is White, Black, or Hispanic. Standard
errors corrected for clustering at the Hearing Office level. p<0.01 ***, p<0.05 **, p<0.1 *.
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Table A8: Impact of Colleague Retirement on Other Judge- and Office-level Outcomes

Natural Log of

Decisions to Dispositions Awards to Dispositions Fully Favorable Partially Favorable Months Wait Share Cases
Rate Rate Rate Rate for Hearing by Video
(1) (2) (3) (4) (5) (6)

Month of Colleague Retirement 0.001 -0.003 -0.006 -0.021** -0.005* 0.008
(0.002) (0.006) (0.006) (0.009) (0.003) (0.031)

After Colleague Retirement 0.007*** -0.003 -0.010*** -0.014** 0.003 0.011
(0.001) (0.003) (0.004) (0.006) (0.004) (0.032)

Dependent Mean (in Levels) 0.80 0.45 0.49 0.09 14.67 22.20
Observations 89,205 88,753 88,417 69,668 11,856 10,994

Decisions to Dispositions Awards to Dispositions Fully Favorable Partially Favorable Months Wait Share Cases
Rate Rate Rate Rate for Hearing by Video

Month of Colleague Retirement -0.000 -0.002 -0.002 -0.001 -0.064* 0.256
(0.002) (0.002) (0.002) (0.001) (0.037) (0.330)

After Colleague Retirement 0.005*** -0.002 -0.005*** -0.000 0.039 -0.051
(0.001) (0.001) (0.002) (0.001) (0.053) (0.299)

Dependent Mean (in Levels) 0.80 0.45 0.49 0.07 14.67 20.59
Observations 89,455 89,455 89,205 89,205 11,856 11,855

Notes: Observation at the judge by month level for columns 1-4. Each point is an event study coefficient obtained from estimating equation (4).
Observation at the Hearing Office by month level for columns 5-6. Each point is an event study coefficient obtained from estimating equation (3),
where the outcome is the average office level wait time for appeals and the share of cases held over video. Cases for all judges (including the retiring
judge) are included in the measure. Sample restricted to the event study balanced panel and only includes judges who appear all 6 months before the
retirement event, and all 9 months after are included. Judge, Hearing Office, year, and month fixed effects are included. Standard errors corrected
for clustering at the Hearing Office level. Partially favorable decisions occur when the ALJ awards disability, but adjusts the eligibility criteria. For
example, they might set a later disability onset date than the date alleged by the claimant. p<0.01 ***, p<0.05 **, p<0.1 *.
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Online Appendix B: Robustness and Heterogeneity Analysis

We adjust our baseline model to explore both heterogeneity and robustness. We highlight
some of these results in the main text, but outline them here in full detail.

Robustness

We first probe the sensitivity and robustness of our estimates. It is possible that local
economic conditions are changing in ways that lead the judges to reach different verdicts. In
Panel A of Table A1 we control for labor market conditions and demographic characteristics
in the hearing office catchment area. To do this we link county demographics and labor
market measures from the Quarterly Census of Employment and Wages and population
measures from the Surveillance, Epidemiology, and End Results Program to hearing offices
using county-to-zip code and zip code-to-hearing office crosswalks. Effects are similar, with
a 3.2 percent increase in decisions and 1.1 percent decrease in allowance rates after the
peer retirement. Estimates are insensitive to changes in the sample of judges we include
(Table A1). We estimate a significant increase in dispositions and decisions (between 2
and 4 percent) and a significant decrease in allowance rates (between 0.8 and 1.3 percent)
when we include retirement events from National Hearing Centers, include any judge with
at least one pre- and post- event observation in the hearing office (remove the balanced
panel restriction), or limit the sample to retirement events that do not overlap. It is possible
that we are mislabeling dismissed judges as retirees. This would be a concern if a peer judge
dismissal affects other judges’ behavior. The results are robust to excluding retirement events
where the retiree has a known review by the MSPB board, meaning the retirement might
have been non-voluntary.24 The estimates are also robust to various sets of fixed effects to
control for office specific shocks or trends. Year-by-month or retirement event fixed effects
yield similar results.

Estimates are robust to transformations of the outcome. If we estimate the trends in lev-
els, or use a inverse hyperbolic sine transformation rather than the natural log transformation
(so that outcomes are defined when equal to zero), we estimate a similar 2.3 percent increase
in dispositions, 3 percent increase in decisions, and a 0.6 percent decrease in allowance rates
(see Figure A2). Results are also robust to extending the number of pre and post periods.
Increasing the number of periods increases the amount of overlap between event windows,
potentially confounding effects, but also changes the sample composition due to the balanced
panel restriction. If we include 9 pre periods and 18 post periods and exclude retirement
events within 9 months of each other, we see similarly flat pre-trends, followed by a spike
in caseloads after the retirement that lasts 6 months, with some significant effects even out
to 15 months. This could help explain the lower allowance rates observed 8-9 months after
the retirement. Allowance rate estimates are similar but less precise, returning to previous
levels by 10 months out.

Because SSA undertook various ALJ reforms aimed at standardizing outcomes across

24Estimates for the disciplined judge retirements are less precise due to the small sample size, but the
point estimates on dispositions and decisions are large and positive, and there is a significant 7 percent drop
in allowance rates of the remaining judges.
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judges beginning in 2010 and 2011, we also examine how the effects of a peer judge retirement
differ over time. As part of this reform, judges with exceptionally high or low allowance rates
received additional training. Historical allowance rates of retiring judges were similar across
the panel, but did tend to be higher prior to 2015. We estimate effects separately for
retirement events from 2011-2014 and 2015-2018 and observe increases in decisions between
2011 and 2014, but larger increases in dispositions and decisions and large, significant 1.8
percent reductions in allowance rates between 2015 and 2018, suggesting this pattern is not
driven by the 2010-2011 ALJ reforms (Table A2).

There are several factors that might contribute to the heterogeneous effects on allowance
rates. First, the increase in workload over the next nine months is significantly smaller before
2014 relative to 2015 and later. This is consistent with workload affecting allowance rates.
Second (and perhaps related to the first point), limited funding and dwindling candidate
pools from the ALJ registry, has led to increasingly understaffed Hearing Offices and longer
backlogs and processing times that peak in 2016. As such, a judge retirement in the second
half of the sample might have been more disruptive to the office environment than it was in
earlier years. Third, SSA introduced the Compassionate and Responsive Service (CARES)
Plan in 2016 that aimed to reduce the number of pending hearings and average hearing wait
times. This increased focus on reducing backlogs could amplify the stress associated with
taking on a retiring judge’s workload. Finally, as part of the CARES Plan, SSA worked with
the Office of Personnel Management (OPM) to refresh the qualified ALJ registry and hire
new ALJs. SSA reports that they have hired over 600 ALJs since 2016. As we see in Table
A4, the allowance rate effects are largest among less experienced ALJs, so this shift in the
composition of judge experience could lead to the heterogeneous effects in Table A2.

We also test sensitivity to new concerns about twoway fixed effects models (Callaway
and Sant’Anna, 2020; Goodman-Bacon, 2021; Sun and Abraham, 2020). Our estimates
are robust to concerns that it is impossible to separately identify a linear pre-trend from
dynamic treatment effects when both judge and period fixed effects are included (Borusyak
and Jaravel, 2020). If we estimate a model similar to equation (1), but only include pre-
period months and omit both the first and last month indicators, we see the pre-trends are
flat, with no significant trend (top panel, Figure A7). Only one point (log awards in month
t-2) is significantly different from zero. Building on this, if we impose flat trends during
the pre-period, allowing us to separately identify dynamic treatment effects, we estimate a
similar pattern of effects, with a significant 5 percent increase in dispositions and decisions
for six months, and a significant 1 percent decline in allowance rates (Figure A7).

Our results are similarly robust to issues of negative weighting that arise when using
twoway fixed effects difference-in-differences and event study models with staggered treat-
ment timing. We implement the Sun and Abraham (2020) interaction-weighted estimator
and find patterns that are nearly identical (Figure A8). This is perhaps not surprising, our
main coefficients essentially report average outcomes each month after removing the judge
by office specific mean and year and month level differences.

As another way to account for potential, underlying secular trends in caseloads and
allowance rates and eliminate negative weights we estimate an alternative model, similar to
Deshpande and Li (2019), as suggested by Goodman-Bacon (2021). We adopt this approach,
as the type of hearing offices that experience a retirement might be different than those that
do not. First, we create a dataset for each retirement event. In each dataset, judges in

45



the hearing office that is experiencing the focal retirement event are labeled as treated,
while judges in hearing offices that experience a retirement event exactly one year later
are labeled as control. We then stack each of these datasets to examine outcomes in the
treatment versus control (future treated) hearing offices.25 With in a given retirement event
“experiment” the period-by-period month and year for the treatment and control units will
be the same, allowing us to difference out secular trends. We then compare monthly judge-
level disposition, decisions, and allowance rate trends in the focal retirement event, relative
to monthly judge-level outcomes during the same time period in the hearing office where
there will be a retirement exactly one year later as follows

(4)

Yjot =

9∑
τ=−5

βτTreatedot ∗ (τ months from retirement)ot

+

9∑
τ=−5

ατ (τ months from retirement)ot + νTreatedot + δj + θe + φo + εjot

The outcomes are the same as above, but now the βτ trace out the change in dispositions,
decisions, awards, and allowance rates for judges in the treated hearing office, relative to
judges that will experience a retirement in one year. We include the fixed effects for each
dataset (θe) to make this a comparison between the treatment and control from each dataset
during the same time period, as well as judge, office, and panel period fixed effects. If hearing
offices that experience a retirement within a short period of time exhibit similar unobservable
trends, this can capture any spurious secular trend, not captured in equation (1).26

As seen in Figure A9 judges in the treated hearing office experience an increase in dispo-
sitions and decisions after the retirement. This increase is sustained for three months, and
there is a significant difference in the t-5 month, but the overall pattern is consistent. There
is also a drop in the allowance rate starting around month two, that is even more pronounced
than in the baseline model. Results from the corresponding parameterized difference in dif-
ferences model are also similar (Table A3). The retirement leads to a 4.3 percent increase
in dispositions, a 5 percent increase in decisions, and a 1.1 percent reduction in allowance
rates. If we further include in the bottom panel month and year fixed effects (which can
only be separately identified because we have treated and untreated units in each panel) the
effects are similar in magnitude and significant.

Heterogeneity

We also explore heterogeneity by remaining judge characteristics, retiring judge characteris-
tics, and limited characteristics of the hearing office, but see few patterns of heterogeneity.
To do this, we estimate a variant of equation 2, as follows

(5)
Yjot = β0Month of Colleague Retirementot + β1After Colleague Retirementot

+ β3Month of Colleague Retirementot ∗ Charjo + β4After Colleague Retirementot
∗ Charjo + β5Charjo + δj + φo + γyr + ψmo + εjot

25As such, retirement events will occur multiple times, once as a treated unit, and potentially multiple
times as a control.

26We pick control events that are exactly one year away to keep the sample size managable. Results are
similar if we increase the range of potential controls to include more events.
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Where Charjo is a judge, retiree, or office specific characteristic. The β3 and β4 coefficients
will allow us to test if impacts vary by the judge’s characteristics (such as gender, historical
allowance rate, or tenure), the retiree’s characteristics, or office-level characteristics (such as
office caseload or local labor market conditions). For time invariant characteristics, such as
gender, the direct effect of Charjo will be absorbed by the fixed effects.27

By Judge’s Characteristics. We explore how effects vary by the judge’s characteristics
to test if certain groups are more responsive in Table A4. Both male and female judges
experience an increase in dispositions and decisions and a decrease in allowance rates after
the colleague’s retirement. However, female judges experience a larger increase in decisions
(4.5 vs 2.7 percent) and a larger reduction in allowance rates after the retirement (1.5 vs 0.6
percent). The effect on allowance rates for women is two and a half times as large as the
effect for men, but the difference is only significant at the ten percent level. There are no
differential impacts by the judge’s race. Judges who are relatively new to the SSA judicial
corps (less than one year) are significantly impacted. They experience a large increase in
caseload and decisions after the retirement (15.7 and 15.8 percent) and an additional 6.3
percent reduction in allowance rates.28 This might simply be driven by the fact that new
judges make fewer decisions, so there is more volatility in allowance rates for new judges.
However, the pattern is consistent with an increase in caseloads leading to lower allowance
rates.29

Judges that have above average allowance rates in their office are also differentially im-
pacted. After a colleague’s retirement, a judge with a 10 percent higher allowance rate
reduces dispositions and cases by about one percent, and significantly reduces awards and
allowance rates by about three percent. This pattern of impacts on allowance rates is con-
sistent with mean reversion.

By Retiree’s Characteristics. As an alternative to caseloads, peer effects could also
affect remaining judge allowance rates. However, we see little evidence of retiring judge
characteristics impacting the allowance rate response in the nine months following retirement.
We explore how effects vary by the retiring judge’s characteristics in Table A5 to understand if
peer effects play a role. There is a marginally significant differential reduction in dispositions
and allowance rates in the month of retirement if the retiring judge is female. However, there
is no differential effects after the retirement. If the retiring judge is non-white, there is no
differential changes in dispositions and decisions or awards. If the retiring judge has less
than one year experience in the judicial corps, there is no significant change in dispositions
or decisions, but an additional 2.4 percent reduction in the remaining judges’ allowance rates.
These retirements would plausibly be more unexpected than a typical retirement, meaning

27We have tried linking judge surnames to the Census Bureau’s Census Surname file to probabilistically
determine the judges’ race, but are concerned about error in this racial matching. There are no significant
patterns by our race measure.

28Judges that have been with the SSA for 6-12 months exhibit a similar 12 percent increase in dispositions
and decisions and a 5.6 percent reduction in allowance rates, suggesting this is not driven by judges that
might have been preemptively hired to replace the retiree.

29These patterns have potential implications for judge fixed effects research designs that use judge leniency
to instrument for case outcomes. Workplace disruption that affect judge allowance rates heterogeneously
might temporarily re-ordered judge leniency, violating monotonicity (Kling, 2006). Researchers might need
to rely on weaker assumptions such as average monotonicity (Frandsen et al., 2019) or estimate interacted
heterogeneous effect models (Mueller-Smith, 2015) to estimate local average treatment effects.
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there is likely not a replacement judge lined-up and more case-shifting (see Table A5).30

There are no differential impacts by the retiring judge’s allowance rate prior to retirement,
suggesting this is not driven by peer judge strictness or leniency.

These patterns do not appear to be consistent with the retiring judge’s behavior influenc-
ing the peer judges. We explore potential peer effects further in Tables A6. While there are
no clear patterns when exploiting the detailed race heterogeneity, there are some potential
patterns by judge and retiree gender parity. Remaining female judges make marginally more
decisions and have lower allowance rates after a male judge retires. Remaining male judges
have fewer dispositions, decisions, and awards after a female judge retires.

By Hearing Office Characteristics. Finally, in Table A7 we explore how effects
vary by the few hearing office characteristics available to see if the retirement event has
an interactive effect with the environment or setting. Applicants whose disability is not on
the pre-defined listing of impairments, can still be eligible if they meet vocational criteria.
These criteria measure the applicants ability to find work or re-train. As such, economic
conditions at the time of review can influence a judge’s determination. Judges in hearing
office catchment areas with a higher unemployment rate (worse labor market opportunities
for applicants) have relatively fewer dispositions and decisions after the retirement and have
slightly higher allowance rates. Judges in hearing offices that hear more dispositions on
average see a slightly smaller increase in caseloads, but no differential impact on allowance
rates. The number of judges pre-retirement does not significantly affect the caseload and
allowance rate response. This is because there is significant variation across retiring judges in
caseloads, conditional on office size. If instead we explore differences by the retiree’s caseload
size, the effect on allowance rates is more negative for retiree’s with higher caseloads (Figure
3). The impact of a peer retirement does not appear to significantly vary with the local
setting.

Other Potential Outcomes. We explore several other outcomes observable in the data.
Decisions as a share of dispositions increase slightly, suggesting fewer dismissals, consistent
with redistributed cases already being screened for technical errors. But, awards as a share
of total dispositions do not decline, suggesting there is not an increase in cases that would
have been awarded disability instead being dismissed. The falling allowance rates seem to be
driven by both a fall in fully-favorable cases and partially favorable awards (where the judge
does not accepted the alleged onset date), although the result is stronger for fully-favorable
decisions. (Table A8). We also explore office level measures of appeal wait time and remote
video cases. Judge retirements do not significantly affect the average wait time of appeal
cases or the share of office level cases held by video.

30If we limit the sample to retirement events where the retiree’s average caseload was no more than 10
percent lower 1-3 months before the retirement relative to 4-6 months before retirement (to avoid predictable
transitioning cases) we find larger caseload effects and a slightly larger decrease in allowance rates.

48


	Introduction
	Work Environment, Workload, and Judge Decision
	Social Security Disability Application and Appeal Process
	Data
	Empirical Strategy
	Results
	Change in the Number of Judges
	Change in Remaining Judges Dispositions, Decisions, and Allowance Rates
	Relationship Between Caseload and Allowance Rates
	Extensions

	Implications for the Disability Program
	Conclusion

